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‘New’	
  data	
  don’t	
  need	
  to	
  be	
  new	
  –	
  they	
  might	
  just	
  be	
  new	
  
to	
  the	
  environmental	
  /	
  health	
  agenda.	
  



Time	
  is	
  vital.	
  RelaConships	
  between	
  environment,	
  
environmental	
  behaviours,	
  and	
  health	
  evolve	
  and	
  interact	
  
over	
  life-­‐Cmes.	
  



Eurobarometer,	
  is	
  a	
  repeat	
  cross-­‐secConal	
  series	
  of	
  public	
  opinion	
  surveys	
  
commissioned	
  regularly	
  by	
  the	
  European	
  Commission.	
  	
  
	
  
These	
  internaConal	
  surveys	
  facilitate	
  exploring	
  the	
  importance	
  of	
  temporal	
  and	
  
naConal	
  context	
  for	
  opinions	
  about	
  the	
  value	
  of	
  natural	
  environment.	
  	
  
	
  
Relevant	
  quesCons	
  have	
  been	
  asked	
  in	
  at	
  least	
  14	
  surveys	
  since	
  1974	
  and	
  include;	
  
the	
  importance	
  of	
  protecCng	
  our	
  environments,	
  which	
  environmental	
  aQributes	
  are	
  
of	
  greatest	
  concern,	
  pro-­‐environmental	
  behaviour,	
  and	
  indicators	
  of	
  environmental	
  
value	
  from	
  respondents’	
  prioriCsaCon	
  of	
  economic	
  development	
  or	
  environmental	
  
protecCon.	
  	
  

hQp://www.gesis.org/en/eurobarometer/survey-­‐series/standard-­‐special-­‐eb/	
  	
  



Historical	
  archives.	
  Example	
  of	
  reconstructed	
  green	
  space	
  data	
  for	
  
Edinburgh.	
  AQach	
  them	
  to	
  cohort	
  data	
  

	
  Data	
  sources:	
  M’HaTe	
  1914,	
  Abercrombie	
  et	
  al.	
  1949,	
  City	
  of	
  Edinburgh	
  Council	
  (Town	
  Planning	
  Department)	
  1965,	
  1969	
  &	
  2009	
  

Work	
  led	
  by	
  Jamie	
  Pearce,	
  Funded	
  by	
  the	
  European	
  Research	
  Council	
  [ERC-­‐	
  2010-­‐StG	
  Grant	
  263501].	
  



Only	
  one	
  way	
  to	
  get	
  conCguous,	
  consistent,	
  repeated	
  measures	
  of	
  
environment,	
  applicable	
  internaConally,	
  over	
  Cme	
  (1970s	
  -­‐>).	
  



Li	
  &	
  Thinh.	
  Appl.	
  Remote	
  Sens.	
  7(1),	
  073458	
  (Dec	
  23,	
  2013).	
  doi:10.1117/1.JRS.7.073458	
  



But,	
  environment	
  data	
  don’t	
  always	
  easily	
  reveal	
  their	
  
interacCon	
  with	
  environmental	
  /	
  health	
  behaviours	
  



It’s	
  not	
  just	
  the	
  environment.	
  We	
  need	
  to	
  know	
  where	
  people	
  are,	
  and	
  
what	
  they’re	
  doing…	
  back	
  in	
  /	
  over	
  Cme.	
  What	
  if	
  our	
  exisCng	
  surveys	
  /	
  
cohorts	
  didn’t	
  ask	
  the	
  right	
  quesCons?	
  



‘Life	
  grid’	
  technique	
  –	
  local,	
  global	
  and	
  personal	
  events	
  are	
  used	
  to	
  
prompt	
  recollecCon	
  of	
  past	
  home	
  addresses,	
  behaviours,	
  lifestyles	
  



1928	
  Born	
  

1939	
  War	
  starts	
  

1945	
  War	
  ends	
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  Married	
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  First	
  child	
  
1956	
  Second	
  child	
  

1966	
  Husband	
  loses	
  job	
  

1977	
  Wedding	
  anniversary	
  party	
  

1972	
  First	
  child	
  leaves	
  home	
  

1979	
  First	
  grandchild	
  

1984	
  Husband	
  dies	
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  Second	
  marriage	
  

Lived	
  in	
  damp	
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Lived	
  in	
  dry,	
  warm	
  house	
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Stroke	
  

High	
  blood	
  pressure	
  



PotenCal	
  data:	
  we	
  have	
  access	
  to	
  rich	
  data	
  about	
  our	
  
current	
  and	
  recent	
  environments,	
  and	
  these	
  can	
  be	
  sources	
  
of	
  data	
  on	
  behaviour	
  too	
  	
  



 Figure 1. Images of cycle traffic before (left; 2009) and after (right; 2010) construction of a cycling path Note: Photos show the 
intersection of Pennsylvania Avenue NW and 9th Street NW, Washington DC; 

Hipp et al. Emerging Technologies: Webcams and Crowd-Sourcing to Identify Active Transportation. American Journal of Preventive 
Medicine, Volume 44, Issue 1, 2013, 96–97 
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The analysis component, which processes the col-
lected data, performs a spatial Inverse Distance Weight-
ing (IDW) interpolation on temperature measurements,
which will be used in further research efforts for corre-
lation operations with emission distribution or traffic
emergence, and for the detection of urban heat islands.
It has to be stated that IDW is presumably not an opti-
mised algorithm for drawing conclusions from point
measurements to a city-wide scale. In a future effort, an
accurate urban dispersion model will be integrated into
the analysis.
In the field trial, the processing module analyses the

CO, NOx, noise temperature and relative humidity dis-
tributions throughout the city of Copenhagen. The CO
map containing the GPS traces, which figuratively re-
draw the urban street network, is shown in Figure 9. A
first qualitative analysis of the mobile measurements
shows that there are strong correlations between ambi-
ent temperature, CO and NOx values. Further prelimin-
ary outcomes show that both CO and CO2 are
undergoing very high temporal and spatial fluctuations,

which are induced by a variety of factors including tem-
perature variability, urban topography, time during the
day, the ‘urban canyon’ effect, traffic emergence or
‘plant respiration’ - the fact that plants release major
amounts of CO2 overnight.
Future research will include the investigation of direct

correlations between pollutants, environmental measure-
ments and traffic emergency. It is well known that CO
is a measure of the efficiency of combustion in vehicles
that may be used to reflect changing driving patterns
and the sensitivity of air quality to larger scale environ-
mental features such as wind speeds over the city. How-
ever, the detailed interplay of these parameters still has
to be investigated in a next step. Especially CO values
measured in the Copenhagen pilot have to be normal-
ised over humidity and temperature to perform further
quantitative (absolute amounts) and qualitative (impact
on public health) analysis.
Concluding, it can be stated that the Copenhagen

experiment was an important step toward the realisation
of pervasive monitoring by the use of mobile sensors.

Figure 9 Mobile CO measurements in the city of Copenhagen (December 2009).

Kamel Boulos et al. International Journal of Health Geographics 2011, 10:67
http://www.ij-healthgeographics.com/content/10/1/67
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Crowd-­‐sourced,	
  smartphone	
  based,	
  real	
  Cme	
  data	
  on	
  our	
  environments:	
  the	
  
smart	
  city.	
  	
  



TECHNOLOGY TRACKER   |  QUARTERLY RELEASE: Q2 2015 

WHO OWNS A SMARTPHONE 

27 

% OWN A SMARTPHONE BY GENDER AND SOCIAL GRADE  

Source: Ipsos MORI 

70-100% 50-69% 0-49% 

All 15-24 25-34 35-44 45-54 55-64 65+ 
Males 68% 91% 90% 85% 72% 57% 22% 

Males AB 75% 98% 100% 98% 89% 70% 30% 
Males C1 73% 94% 95% 86% 68% 65% 21% 
Males C2 64% 87% 86% 73% 77% 44% 16% 
Males DE 59% 86% 84% 74% 47% 32% 14% 

Females 65% 90% 91% 86% 73% 48% 18% 
Females AB 71% 93% 95% 93% 83% 62% 27% 
Females C1 69% 95% 96% 88% 81% 51% 21% 
Females C2 63% 82% 92% 86% 65% 40% 9% 
Females DE 55% 88% 83% 74% 47% 32% 11% 

Base: circa 4,000 GB adults aged 15+: Q3/ Q4 2014  Q1/Q2 2015 



TECHNOLOGY TRACKER   |  QUARTERLY RELEASE: Q2 2015 

SOCIAL NETWORKING – TWITTER 

19 

Source: Ipsos MORI 

80-100% 50-79% 0-49% 

% ACCESSING TWITTER IN THE PAST 3 MONTHS, BY GENDER AND SOCIAL GRADE 

All 15-24 25-34 35-44 45-54 55-64 65+ 
Males 20% 39% 27% 24% 17% 9% 3% 

Males AB 25% 45% 43% 36% 30% 14% 6% 
Males C1 24% 42% 36% 33% 16% 10% 3% 
Males C2 15% 39% 20% 15% 11% 3% 1% 
Males DE 13% 31% 17% 8% 9% 5% 1% 

Females 16% 42% 21% 21% 11% 6% 2% 
Females AB 19% 59% 35% 30% 11% 10% 4% 
Females C1 20% 52% 27% 27% 14% 4% 2% 
Females C2 15% 38% 21% 18% 8% 5% 0% 
Females DE 9% 28% 7% 5% 6% 2% 0% 

Base: circa 4,000 GB adults aged 15+: Q3/ Q4 2014  Q1/Q2 2015 



TECHNOLOGY TRACKER   |  QUARTERLY RELEASE: Q2 2015 

All 15-24 25-34 35-44 45-54 55-64 65+ 
Males 52% 80% 72% 61% 49% 38% 15% 

Males AB 53% 90% 81% 64% 62% 41% 20% 
Males C1 59% 79% 76% 78% 54% 39% 17% 
Males C2 47% 80% 69% 50% 37% 37% 8% 
Males DE 48% 75% 66% 50% 41% 31% 11% 

Females 55% 86% 76% 71% 58% 41% 16% 
Females AB 55% 82% 79% 76% 56% 41% 25% 
Females C1 61% 87% 82% 79% 68% 49% 19% 
Females C2 57% 86% 76% 73% 57% 39% 12% 
Females DE 49% 87% 68% 53% 49% 29% 9% 

SOCIAL NETWORKING – FACEBOOK 

15 

% ACCESSING FACEBOOK IN THE PAST 3 MONTHS, BY GENDER AND SOCIAL GRADE 

Base: circa 4,000 GB adults aged 15+: Q3/ Q4 2014  Q1/Q2 2015 Source: Ipsos MORI 

80-100% 50-79% 0-49% 


